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ABSTRACT

Smart Grid (SG) can be thought of as an evolved grid system that can manage el ectricity demand in a sustainable, reliable
and economic manner built on advanced infrastructure and tuned to facilitate the integration of all involved. In
combination with wireless multimedia sensor networks, smart grids are capable of providing information related to energy
resource monitoring, security, grid failure detection, and recovery from the failure and so on. Cognitive Radio (CR) isa
wireless technology which isintelligent and plays a key role in improvisation of efficiency of the bandwidth available. The
capability of CR to reduce communication interferences makes it essential to use CR in smart grid systems. In this paper,
we propose a CR based smart grid system which is priority oriented. We will be proposing a channel allocation scheme
based on CR and traffic scheduling schemes. The proposal takes into consideration spectrum sensing errors and channel
switch. The results of the proposal are demonstrated though simulation results.
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INTRODUCTION

A Smart Grid (SG) systemisan intelligent system which basisitself on the concept of efficient power exchange
and delivery, by using communication platforms to optimize the operation of units that are connected to one
another. Through SG systems, remote monitoring and control of electricity usage can be accomplished.
Unauthorized usage can a so be detected and prevented. Through SG systems, the system reliability, efficiency
and safety can be improved.

In combination with Wireless Sensor Networks (WSN), Smart Grids become a potent force, where low cost
sensors of the WSN can be used to collect information about the behavior of the power equipment that are
located remotely. Thisinformation can then be used to manage the power grid. The sensors of the WSN perform
tasks like remote site monitoring, automatic meter reading and so on.

Further, Wireless Multimedia Sensor Networks (WMSN) give better monitoring options for SGs as these
networks use visual and acoustic sensors for monitoring the grids. With the use of multimedia sensors, thereis
an increase in the requirement of bandwidth and network resources as these sensors capture and transmit
multimedia data. This results in need of a technology that can efficiently utilize the bandwidth available. One
such technology is CR which the very efficient when it comes to spectrum usage. This makes smart grids with
CR apowerful combination.

One important challenge faced in SG systems is how to manage the traffic and interferences that occur when a
huge amount of system monitored multimedia data is transported through the grid infrastructure. This calls for
high bandwidth requirement for smooth transportation, otherwise there will be alot of congestion. We propose
aTraffic Scheduling scheme that can support different traffic typesin smart grid including multimediaover SG.
Thisis accomplished using CR in combination with SG infrastructure.

134 | K. Baakrishnan, S. Tamilarasan, Bharath Rg D., Rakesh B. S.



International Journal of Electronics, Electrical and Computational System

N IJEECS
/ég;\ ISSN 2348-117X
T \ ,..—-h.\ Volume 6, Issue 8

Academic Science August 2017

LITERATURE SURVEY

One of the primary reasons for smart grids being so beneficial is its capability to return clean energy
back to the grid. This can be illustrated with the following rea time example of an electric car. A car whichis
fully chargesis capable of providing electricity back to some home appliances when there is no power available
or when the electricity is very expensive. To have such functions, real time sensing, data collection and
communication of collected datais very critical. In order to handle such data from large number of power grids
smoothly, either we need alarge network bandwidth or we need an approach where the existing bandwidth can
be efficiently utilized. The first scenario is very expensive and the latter is accomplished using CR.[1][5]

Puri et al and Majumdar et al have proposed an approach where the video packets from the sensor can be sent
through multiple secondary channels available. They have proposed a method for dynamically selecting CR
secondary channels for transmitting multimedia data in a distributed manner.[6] Niyato et al and Hossain et a
have conducted a survey on how CR can be applied to future generation networks.[13]

Wan et al has surveyed the application of CR in conjunction with smart grid. They have proposed that the
capability of CR to effectively utilize the free bandwidth helps in the timely exchange of information in
SGs.[4][9] A sensing and delay trade off problem for communications in CR enabled SG has been formulated
and solved by Zhang et a and Chau et a.[10] Milstein et al and Vaman et a have proposed an approach that
avoids interference of Secondary Users(SU) with the existing Primary Users(PU) with respect to resource
allocation in maobile adhoc networks.[14]

Another resource alocation scheme which is based on OFDM CR networks is proposed by Zhang et a and
Leung et al.[2] Gungor et a, Lu et al and Kato et a have surveyed the possibilities of applying Wireless Sensor
Networks in SG systems to improve the monitoring capability of the system. They have concluded that an
intelligent monitoring platform can be created using the two technologies.[12][15][3]

With multimedia surveillance in SG systems, the transmission of such multimedia data over CR networks is
very critical asthe multimediaquality must be maintained. Whu et a and Tang et al have proposed a cross layer
design that upholds the multimedia quality during transmission.[7] Mansour et a and Krishnamurthy et a have
proposed multi user transmission control of scalable video to improve the video quality.[7][11][8]

ARCHITECTURE

In the proposed system, the spectrum is made up of K channels with equal bandwidth. These channels
are shared by P PUs and N SUs. The SUs are arranged into S classes based on their priority. All the SUs send
information to the CR base station. All the usersin the CR network are categorized into S+ 1 levels of priority.
In this categorization, the priority of PUs is 0. In the considered example, there are three classes of priority
(S=2). The priority levels are Lo, L1 and L,. Based on the availability of the resources, the base station informs
the SUs about channel availability. The SUs areinformed about the channel avail ability based on their priority.

Each SU maintains a queue in which the packets reside, arranged based on their priority. On the availability of
the channel's, these packets are transmitted by the SUs. An SU can use a channel for packet transmission aslong
as no PU returns. On return of a PU, the SU must return the channel to the PU.

In the proposed system, the network is considered as Q(P, N) where P={ps,ps,...... pr} are the PUs and
N={ng,ny,....nn} arethe SUs. All these users are connected to the base station. An assumption that we make is
the number of channels in the spectrum is same as the number of PUs. This means there are P channels. The
SUs are categorized based on their priority as { SU1, SU,,...,SUs}. Within each SU, the packets are classified
into M classes based on the packet priority. Lower the value of M, greater is the priority. The availability of
channelsfor an SU isrepresented using a Resource Matrix R,. The various factors that influence the availability
of achannel to a SU are interference, sensing errors and channel switching interferences which are presented in
detail in the following sections. The schematic representation of the system architecture is shown in Fig 1.
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Fig. 1 System Architecture

Types of I nterferences

For a SU, interferences during channel allocation can occur majorly in four different forms:

() From PUs

(i) From higher priority SUs
(i)  Dueto Channedl Switch
(iv) Dueto Sensing Errors

() Interference from PUs

When a SU is using a channel for transmission and a PU appears, it is the SU that needs to stop transmission
and return the channel to PU. SUs are dropped from the queue to access channels on return of a PU. To avoid
such interferences for the SUs, a Spectrum Availability Matrix (SAM) is defined for the SUsin CRN. For a

secondary user SU,, its SAM is represented as Z,.
(i) Interference from Higher Priority SUs

If there is one SU that has occupied a channel for transmission and if this SU has a priority greater than some
other SUs that al so have occupied channels for transmission, then the higher priority SU can cause interference
to other SUsin the network having lower priorities. If SUxisaSU with high priority and it iscausing interference
to another SU say SU;, then this interference is defined by a Channel Resource Matrix for SU..

Also, an Interference Matrix, given by |k is defined for SUx which is defined as

lk=[

| _{1, I c
t= 0,

(iii)

Interference due to Channel Switch

ic

li] e {0,1}*P

b 0 b S

When a SU isusing a particular channel and if a PU or another SU with a higher priority appears, then this SU
must give away the channel that it is currently using and look for another channel so that it can continue with
its transmission. This process of moving from one channel to another by a SU is called Chandl Switch. Every
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SU will have sensors using which they determine existence of other available channels. These sensors look for
what are the available channels, the channel quality and the duration for which the channel is available.

These sensors will have energy which is used to perform sensing. Higher the energy available at the sensors,
greater the range covered to detect available channels and vice versa. Hence, we can conclude that based on the
energy levels of the sensors, the range of the search for channds is determined. Greater energy level in the
sensor means wider range is covered. Channel switching can happen in two ways:

1) Periodic Switching (PS) — In this case, when a SU loses a channdl, it simply waits till it gets a
notification about other channel being available. The SU remains idle until it receives any such notification.

2) Triggered Switch (TS) — here, when a SU loses achannel, it gets a notification immediately about some
other channel being held by alower priority SU, if any. This SU can then switch to that channel. If TSis used,
therewill be alot of interference in transmission for lower priority SUs and lower priority packets as the higher
priority SUs overpower the other lower SUs and occupy the channel. Also since TS approach gives immediate
notification about channel availahility, it means that the sensors of such SUs are always active, which resultsin
more energy consumption. Due to these reasons, the decision of using PS or TS depends on the current energy
levels at SU sensors and the channel availability probability.

If Pr is the probability of using TS approach and Ps is the probability that a SU switches channels, the
interference cause by the TS approach is represented using a matrix denoted by Slx and is given by,

Slk=[Sli]€{01}"

1, i P.P >0, c io sn n
Sli = ¢ b i b ah P 5
0, o
where g; is the upper limit to control channel switching by a higher priority SU.
(iv) Interference due to sensing errors

If the sensing of available channelsis perfect in a CRN, the spectrum utilization will be very efficient. However,
there are certain factors that make perfect sensing impossible. These factors include presence of attenuation in
signal, limited energy levels of sensors. These factorslead to error in sensing that can affect the transmission of
PUs and SUs.

Sensing can either be False Alarm or Missed Detection. If Hi denotes that a channel is occupied by a PU and
Ho denotes that a channel is free, False Alarm is the phenomenon where a free channel is detected as busy and
Missed Detection results in detecting an occupied channel asfree. Let Pr denote the probability of False Alarm
and Py, denote the probability of Missed Detection. The Sensing Error of a higher priority SU, say SUkis given
by
SR«=[SRi ] €{0,1}*
1, i P >1t,m d h
SR = ii s r on n

0, 0
(V) The Resource Matrix
The availability of channels for various nodes in represented using a Resource Matrix, R,. This matrix is
obtained by exchange of information between neighboring nodes. For a SU node n with priority k and its packet
priority m, the resource matrix is represented as R\™ and is given by

Ri™ =RneZ eI .o T o ST e .. o SIM e (SR™a)™" « (SR™)™

SYSTEM UTILIZATION AND QUALITY CONTROL FOR CR BASED SG SYSTEMS

Thereis abig challenge when it comes to transmission of multimedia content over awireless network. Several
parameters such as bandwidth, delay determine the quality of such transmission. These parameters are referred
to as QOS parameters. Due to very high demand for video streaming over wireless networks, managing these
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QOS parameters has become very important factor in SG communication systems. If the QOS of video
streaming is properly managed it will have apositive influence on the user with respect to perception of service.
The criteria that matters to an end user with respect to video streaming are security, cost, continuity flexibility
and mobility. If these factors are properly managed, then the end user will have a satisfactory experience of
video streaming. The quality of such service can be evaluated based on parameters like the blocking and
dropping probability of SU.

() Multimedia Quality Modeling
There are two main reasons for a multimedia data to get corrupted during transmission over wireless medium.
They are Source Coding Distortion and Transmission Distortion.

In Source Coding Distortion, the media information to be transmitted is encoded by the sending node. This
encoding process compresses the data, thus reducing the load for transmission. Due to this compression of data
at the source node, there are chances of some data being lost which leads to distortion.

In Transmission Distortion, the data loss occurs due to the factors affecting data transmission in the wireless
transmission environment. Some reasons for such a distortion include loss of packets, noise interference.

Transmission Distortion

The SUs are categorized into several classes. This classification is performed based on priority. Hence the SUs
are alocated channels based on their priority. Also the quality of channels varies based on the priority of the
SUs. Hence, the lower quality channels are prone to disturbances which in turn lead to distortion. For each
frame, the quality can be calculated based on two parameters, Pioss (probability of packet 10ss) and Psuccess
(probability of successful packet transmission).

As already discussed, the main reasons for a packet loss in a CRN are Packet Error with Packet Error Rate P,
interference by channel switching with probability Pr.Ps Interference by sensing errors with probability Py and
the probability that the packet transmission exceeds delay bound Pgaay given by  Pr { dij= D;; }. Based on these
factors, the overal probability of a packet being lost can be given as
Pioss=Pe. ( Pr. Ps) .Puv. Pdday

We now proceed to the calculation of quality of aframe which involves two major phases. The first phaseis
distortion reduction of frame due to successful packet transmission where, if a packet is successfully delivered
to its destination, then we conclude that the only distortion that this packet has is the distortion included at the
source node, which is represented as Dsource. The second phase is distortion reduction of frame caused by lost
packets. This parameter is calculated by computing the SNR of the frame such that all the packetsin it except
the current one are decoded losslessly and the current packet is considered to be lost.

(i) Cognitive Radio Utilization for Smart Grid
Understanding how CR systems use SG is accomplished by studying three models as follows:
Primary User Arrival Model

This model istotally based on the arrival of PU and what measures can be taken so that the secondary
transmission is not disturbed on the primary rearrival. Here we consider a Secondary Channel (SC) used by a
SU to transmit some data. During transmission, if there is any interference by a PU, the transmission of data
results in loss of video packets. Now the SU needs to create and send a failure notice to the sender requesting
for retransmission of remaining packets. In the CR systems, the retransmission is avoided using a low density
parity check error correcting method. In this approach, the video to be transmitted is converted into a group of
pictures. Thisis accomplished using a compressed video transmission application. Once the video is converted,
the SU then selects an appropriate SC based on the quality of available SCs. Once chosen, transmission begins
on the selected SC. In this process, the arrival rate of a PU; is defined to be g;. Hence the mean arrival rate of a
PU is given by y=1/ g;. The simple principle of this model is, if the secondary transmission completes within
time p;, the transmission is considered successful. If the transmission is happening and a PU reappears, the
complete transmission is considered aloss.
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Secondary User Arrival Model

In this model, we derive the arrival rate of the secondary users. The arrival rate of SUsisrelated to the
source coding information where source coding means encoding the information at the source before they are
transmitted. Here we assume that the source information bits are encoded at arate of Ry. Also, let the number
of bitsfrom a SU;is aconstant , given by Di. Then Ry gives the number of source packets that are generated in
the time Tg. This definesthe arrival rate of a SU; which is given by,

=D /(R . T )
Hence we can conclude that the arrival rate of SU can be determined based on the source coding time distortion
Ts, source coding rate Rs and the size of the application D;. this means that the arrival rate of a SU can be
controlled by adjusting these parameters.
System Utilization Model

In the system being discussed, it is clear that the access to channelsis totally based on the priorities of
SUs. Hence, the availability of channels variesfor SUswith different priorities. We understand this through the
following discussion. Let SU;, SU- ...SUk be the various priority class for the SUs. Let My, M,...,Mx be the
number of SUs that belong to each of the priority class. Then we have M1 > M2 > ...> MKk. This means the

higher priority SUs have access to more channel resources. The reason for this is the higher priority SUs have
access to channels of their priority as well asal the lower priority channels.

Based on this analysis, the server utilization can be defined as

pi= 21 (Mi )
where M isthe number of SU in priority class SU;, piis the system servicerate for class SU;, A*'; is the effective
arrival rate of a SU. A*;is calculated based on three important conditions which are (i) SU is not blocked, (ii)

no false alarm is given on arrival of SU and (iii) packets from this SU priority class are not lost. The effective
arrival rate of a SU isthus given by

leﬁi =4 (1 - PBi) (1 - Pf) 115]':1 (l - Pj|05g)
PBiis the probability of SU from classesi being blocked and Poss i s the probability of a packet from SU priority
class SU; isnot lost.

ALGORITHM
The process of resource optimization is demonstrated by the following algorithm.

Table 1. Optimal Resource Utilization algorithm for CR based SG systems.

For nvarying from1to S

Determine the parameters Ry, I, Slk, Zn & SR«
Compute the resource matrix for SU, : R™K,
Compute Paelay, Ploss, A%

Obtain pn using the above parameters
Optimize p,asfollows:

Input: A vector representing available channels
Function: pn= 2",/ Mn . tn, Where nisthe priority class of the SU.
Output: Optimal CR utilization p°,
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Table 2. Notations

Notation Meaning

K No. of channelsin spectrum

P No. of primary users and channels

N No. of secondary users

S No. of priority classes of SUs

M Priority classes of packets within SU

Rn Resource Matrix

I Interference Matrix for higher priority SU, SUxk
Pr Probability of using triggered switch

Ps Probability that a SU switches channels

Slk Matrix that represents interference caused by Triggered Switch
P Probability of False Alarm

Pu Probability of Missed Detection

Zn Spectrum Availability Matrix for SUn

SR« Sensing Error matrix of a higher priority SU, SUx

PERFORMANCE ANALYSIS

The benefits of adopting the optimization algorithm are shown in Fig 2. The figure shows adrastic
improvement in system utilization when the optimization scheme is incorporated
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Fig 2. System Utilization before and after optimization

Fig. 3 represents the throughput in the system with priority control and without it. It is very clear from the
comparison that with priority control, the throughput in the system is very high. Without priority control, the
throughput in the system decreases as it mainly depends on the available channel resources and not traffic
density.
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CONCLUSION

This paper has a detailed study on the application of Cognitive radio networks on Smart grid systems. To have
an efficient traffic scheduling for the SUs, the various SG traffic types are categorized and assigned unique
priorities. In addition, the impact of priority control on CR systemsis aso studied and the conclusion obtained
confirmsthefact that CR systemswith prioritization are more superior. The proposa gives aperformancewhich
IS 23% better than the system which doesn’t incorporate priority scheduling.
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